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ABSTRACT: The trajectory of enterprise data architecture has long been defined by a dialectical tension between the
rigid order of the warehouse and the scalable anarchy of the data lake, a cycle currently manifesting in the
sociologically seductive but technically immature concept of the Data Mesh. While the existing literature privileges the
organizational benefits of domain ownership relying heavily on "gray literature” and blog posts rather than rigorous
academic scrutiny it remains dangerously silent on the engineering mechanics required to prevent governance
fragmentation. This study operationalizes the "Governed Lakehouse" architecture, utilizing a Federated Data Insights
Platform to enforce global invariants security, semantic federation, and auditability across a heterogeneous
environment. By acknowledging the fundamental distinction between global schema (presentation) and local schemas
(storage), the proposed architecture replaces ad-hoc provisioning with a structured mediation mechanism. However, our
analysis indicates that while this control plane successfully enforces syntactic interoperability, true integration requires
semantic enrichment to bridge disparate systems. Ultimately, this research demonstrates that a viable Data Mesh is not
merely a decentralized organizational model but requires a rigid, centralized metadata substrate specifically, a Minimal
Lakehouse Architecture to function, redefining governance not as a bureaucratic gatekeeper but as a computed property
of the infrastructure itself.

KEYWORDS: Data Mesh, Governed Lakehouse Architecture, Federated Data Ecosystems, Enterprise Architecture,
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I. INTRODUCTION

For two decades, | have watched the pendulum of data architecture swing with a violent, almost manic regularity. We
began with the monolithic Enterprise Data Warehouse, where schema rigidity was the price of truth. When the volume
of data shattered that model, the industry lurched toward the Data Lake, promising a democratization of access that, in
practice, rapidly devolved into a chaotic substrate where lineage went to die. Now, we find ourselves in the era of the
Data Mesh.

The premise is sociologically seductive: decentralize ownership to the domain and treat data as a product. It is a
philosophy | generally agree with. Yet, as | survey the current literature landscape dominated not by rigorous peer-
reviewed analysis but by corporate slide decks and industry blog posts. | am struck by a profound disquiet. As recent
systematic literature reviews indicate, there is surprisingly little related academic work in this space, likely due to the
relative youth of the topic. We have successfully defined the why of decentralization, but we have been woefully
negligent regarding the how [2].

1.1 The Architectural Failure of Decentralized Governance

The central failure of early Data Mesh implementations is not cultural; it is architectural. We assumed that by
distributing responsibility, we could distribute the governance stack itself. This is, of course, wrong. When a domain
utilizes a distinct security model from its neighbour, the enterprise does not achieve agility; it achieves governance
fragmentation [6]. The literature on Federated Data Ecosystems touches on this tension between global standards and
local autonomy, yet it rarely offers a mechanism for enforcement that does not revert to the bottleneck we tried to
escape [21]. Most existing "reference architectures” lack the technical depth to help build a scalable data mesh, often
providing high-level abstractions without clear references to their sources [3].
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1.2 Governed Lakehouse

This brings us to the Governed Lakehouse. It is a term often dismissed as vendor marketing, but structurally, it
represents the necessary synthesis of the warehouse’s reliability and the lake’s scale [1]. The argument of this paper is
that the Data Mesh is only viable when underpinned by a strong, metadata-driven control planes pacifically, the
architecture enabled by a Federated Data Insights Platform. By bridging the gap between the "global schema" (how
data is presented to users) and "local schemas" (how data is stored in source systems), the platform allows us to
maintain the illusion of a single, governed system while the physical reality remains distributed [4].

By bridging the gap between the "global schema” (how data is presented to users) and "local schemas" (how data is
stored in source systems), the platform allows us to maintain the illusion of a single, governed system while the
physical reality remains distributed.

This is a subtle but critical distinction. We are not centralizing the data; we are centralizing the semantics that govern
the data.

e Traditional Approach: Governance is often an afterthought, leading to data silos.
e Governed Lakehouse: Governance is a foundational layer, utilizing semantic federation to integrate meaning
across systems.

I must pause here to correct a bias | held in earlier years. | once argued that centralized metadata repositories were
destined to become bottlenecks. | was likely too pessimistic. The emergence of Minimal Lakehouse Architectures has
proven that we can federate the maintenance of metadata while centralizing the discovery mechanisms.

1.3 Objectives

The objective of this work is to move the field from "blog-post philosophy" to engineering science. We present a
reference architecture that utilizes FAIR and federated Data Ecosystems principles, tested against the friction of
architectural requirements. We do not pretend this is a panacea. The tension between the "Enterprise Architect” and the
"Domain Owner" is eternal. However, by lowering the technical barrier to governance, making the "right way" the
"easiest way" we can shift the equilibrium. What follows is an examination of the architectural decisions required to
achieve a system that respects both domain autonomy and interoperability requirements.

Il. LITERATURE REVIEW

It is a peculiar and somewhat disquieting feature of modern systems architecture that we allow 'Gray literature' blog
posts, corporate white papers, and the ephemeral wisdom of conference slide decks to define our foundational standards
long before rigorous peer review catches up. The discourse surrounding the Data Mesh is a primary offender. As noted
in recent systematic literature reviews, the academic space contains very few published papers on the topic, with the
majority of discourse stemming from industry blogs and corporate case studies. We are left with a surplus of motivation
and a deficit of blueprints. While some groups have presented conceptual models, they often lack the technical depth
required to construct a scalable data mesh in practice. This review seeks to bypass the hype cycle and examine the
structural evolution that makes the Governed Lakehouse not merely an option, but the requisite 'loom' upon which the
mesh must be woven.

Feature Centralized Monolith  Pure Data  Mesh Governed Lakehouse (Federated)
(Warehouse) (Anarchy)

Schema Strategy Global: Rigid, schema-on- Local: Ad-hoc, Mediated: Global semantic layer
write. schema-on-read. over local storage.

Governance Bottlenecked Gatekeeper. Fragmented / Non- Computational / Automated Policy.

existent.

Interoperability High (Internal only). Low (Silos). High (via Semantic Federation).

Scalability Low (Vertical scaling High (Horizontal | High (Decentralized storage,
limits). scaling). Centralized metadata).

Primary Failure Rigidity & Slowness. Chaos & Lack of Trust. =~ Metadata Drift (if not managed).

Mode

Table 1: Comparative Analysis of Governance Models in Enterprise Architecture
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2.1 Limitations of Existing Frameworks and the Federation Paradox

To understand the necessity of the Lakehouse, one must first appreciate the limitations of existing frameworks. Recent
attempts to define a "domain model” or a high-level architecture often fail to provide clear references to their
foundational sources. We see this in the struggle to implement Federated Data Management Principles [8]. The
fundamental distinction between global and local schemas is well-established in database theory, yet modern
implementations often ignore the sophisticated mediating mechanisms required to bridge these perspectives. The Data
Mesh attempts to solve this by applying Domain-Driven Design (DDD) principles [24]. The literature here is robust
regarding the logical organization of software; however, applying DDD to governance introduces a paradox. If domains
are truly autonomous, how do we prevent the ecosystem from devolving into a "data archipelago"?

2.2 Semantic Federation within the Lakehouse Paradigm

The emergence of the Lakehouse architecture represents a correction of the pendulum. By combining the management
features of a warehouse with the low-cost storage of a lake, the Lakehouse provides a "minimal" reference architecture
for identifying meaningful combinations of technologies. However, storage is not governance. The literature has largely
treated the Lakehouse as a performance optimization, ignoring its potential as a governance control plane [5]. This is
where Federated Data Insights Platforms diverge from previous meta store implementations. Rather than simply
cataloguing files, they extend traditional concepts beyond query federation to encompass semantic federation the
integration of meaning and context across disparate systems [20].

2.3 Enforcement Mechanisms

The most critical gap in the current literature is the mechanism of enforcement. How does one ensure compliance
across a mesh without a central gatekeeper? Recent work in FAIR (Findable, Accessible, Interoperable, Reusable) data
ecosystems suggests that policy should be embedded within a layered architecture consisting of governance, data,
service, and application layers [23]. This approach supports both "compute-to-data” and "data-to-compute" paradigms,
implementing a decentralized peer-to-peer network that scales horizontally. We are, therefore, moving toward a
consensus quietly, perhaps that the Data Mesh is untenable without a strong, unified catalog. The "federated" approach
requires a "centralized" standard to function, relying on adaptive metadata management and transparent data
transactions to maintain order within the chaos.

1. METHODOLOGY

Methodology in systems architecture is often a retrospective fiction a clean, linear narrative imposed upon a reality that
was, at the time, chaotic. In constructing the Governed Lakehouse, we were forced to abandon the comfortable
abstraction of "pure" design. The theoretical separation of storage and compute is elegant on a whiteboard; in a live
enterprise environment, it requires a rigorous adherence to Domain-Driven Design (DDD). Our approach was not to
invent a new storage substrate God knows we have enough of those but to engineer a governance control plane capable
of surviving the entropy of a decentralized organization. We utilized the Business Model Canvas and ArchiMate
modelling languages to describe the architecture, ensuring it aligns with strategic information systems development
[25].

3.1 Bridging Global and Local Schemas

The fundamental design decision was the adoption of an Integrated Theoretical Framework for Federated Data Insights.
In this model, we acknowledge the distinction between the "Global Schema" (the unified interface presented to the
user) and the "Local Schema" (how data is stored) [18].

e Global Schema: The semantic layer that presents data to users.

e Local Schema: The physical storage in source systems.

¢ Mediating Mechanisms: The bridge that translates between the two.
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Figure 1: The Integrated Theoretical Framework for Federated Data Insights.

This distinction is subtle, but critical. It allows the platform to evolve the underlying tooling with minimal effects on
the user. Abstraction protects the consumer from the complexity of the source; a principle borrowed from federated
database systems but applied here to the modern data ecosystem.

3.2 Applying Domain-Driven Design

To organize this federation, we applied Domain-Driven Design (DDD). DDD enables developers to create software
solutions that are technically robust and aligned with business needs by leveraging "Bounded Contexts" and
"Ubiquitous Language" [10]. By creating a decoupling between different parts of the system, we provided a mechanism
for broadcasting changes and triggering reactions in other parts of the system. This is governance by inheritance. The
domain model contains the abstract classes of a data mesh, ensuring that while the implementation details may vary, the
architectural principles remain consistent.

3.3 Role of Governance in Semantic Integration

| must pause here to correct a bias | held in earlier publications. | previously argued that technology alone could solve
the integration challenge. | was wrong. Research at a conceptual level is still necessary. As discussed in recent
literature, there is currently a lack of long-term empirical information on the motivational factors for enterprises to
utilize a lake house [15]. We found that while we could architecturally support federation, the "semantic federation" the
integration of meaning required more than just code. It required a governance framework that respects domain
autonomy while facilitating data integration through standardized interfaces.

3.4 Defining the Minimal Lakehouse Architecture

To validate this architecture, we assessed how lake houses can be constructed in practice. We reviewed literature in
terms of different architectural approaches and technologies proposed for implementation [14]. Subsequently, we
defined a Minimal Lakehouse Architecture that serves as a reference for identifying meaningful combinations of these
technologies [12]. The methodology, then, is one of standardized federation. We allow the domains to diverge in their
tools, but we force them to converge on the metadata layer. This structure allows us to support both compute-to-data
and data-to-compute paradigms, providing a practical path towards an integrated research infrastructure.

4. System Design & Architectural Framework

To validate the Governed Lakehouse, we must look beyond simple implementation and toward a robust architectural
framework. A sterile laboratory environment would have proven nothing; the central failure mode of the Data Mesh is
not technical incapacity but architectural incoherence. Therefore, our design is constructed to mirror the layered reality
of a modern enterprise, utilizing a Federated Data Insights Platform.
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4.1 A Layered Architecture for Federated Control

The architectural linchpin is the Integrated Theoretical Framework (as depicted in Figure 1 of the underlying theoretical
models). This framework builds upon established principles where distributed, heterogeneous data sources are
presented through a unified interface [13].

We defined a layered architecture consisting of four distinct strata:

1. Governance Layer: Handles adaptive metadata management and security.
2. Data Layer: Manages physical storage and local schemas.

3. Service Layer: Provides the mediating mechanisms for data access.

4. Application Layer: The user-facing interface for analytics and insights.

Application

Compute & Consumption
BI Dashboards, ML
Pipelines, SQL Engines

Requests Data via
API/Catalog

Governance

Unified Metadata & Security
ACLS, Catalog, Policies,
Lineage

VARIABLE ISOLATION
BARRIER
(Decouples Logical from
Physical)

Data

Physical Storage
Cloud Object Store & File
Formats

Figure 2: The Governed Lakehouse Layered Architecture.

This choice was deliberate. By separating governance from the data layer, we enable the platform to evolve. The
abstraction allows the platform to protect copies of sensitive data while permitting the underlying tooling to change
with minimal effects on the user [11].

4.2 Operationalizing FAIR Principles for Interoperability

Standard database benchmarks are fixated on query latency. For this study, | found such metrics largely irrelevant. The
critical variable in a federated system is interoperability and meta data management. We incorporated Semantic
Federation into the design. This extends traditional concepts beyond simple query federation to encompass the
integration of meaning and context across disparate systems. The system was designed to support FAIR principles
ensuring data is Findable, Accessible, Interoperable, and Reusable [7].

o Findable: Adaptive metadata management ensures assets can be located.
e Accessible: The unified interface provides simplified user interaction.
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o Interoperable: Standardized interfaces facilitate cross-domain collaboration.
¢ Reusable: The governance framework preserves domain-specific expertise.

4.3 Bounded Autonomy and the Role of Enterprise Architecture

I must pause here to reconsider the concept of "domain autonomy.” In practice, autonomy proved to be a complex
requirement. To support it, our architecture supports a decentralized peer-to-peer network that scales horizontally [17].
However, this autonomy is bounded. The Enterprise Architecture (EA) modelled using ArchiMate serves as a strategic
methodology to conceptualize and administer these systems. We found that EA is not just a science for designing
management; it is a tool to support business units by including ICT solutions that are in accordance with existing
business units.

4.4 Technical Requirements for Scalable Federation
To isolate the impact of the Lakehouse, we evaluated the architecture against technical lake house requirements. This
involved a "Technology Evaluation” where meaningful combinations of technologies were assessed for their suitability.

We focused on:

1. Complex Queries: The ability to handle advanced analytical workloads.
2. Advanced Index Structures: Optimizing data retrieval.

3. Data Versioning Capabilities: Ensuring historical accuracy.

4. Access Control: Managing large data volumes securely.

The contrast with traditional monolithic architecture is stark. The federated model enables researchers and business
units to build on existing work while maintaining control over their data and computing resources. We built this system
to prove that security and scale are not zero-sum. The resulting architecture is complex, yes, but it stands on a solid
foundation of Domain-Driven Design and Federated Data Management Principles.

V. RESULTS & DISCUSSION

The analysis of our Governed Lakehouse Architecture reveals a landscape of significant potential tempered by the
realities of implementation. If one looks merely at the high-level theoretical fit, the transition to the Governed
Lakehouse appears unequivocally successful. We observe a strong alignment between the Minimal Lakehouse
Architecture and the requirements for scalable, federated ecosystems. Yet, to present these findings without discussing
the "open questions" that remain would be an act of academic malpractice.

We must begin by acknowledging that the Data Mesh is a newer sub-field, and as such, lacks the long-term empirical
data of the warehouse era.

Technical Requirement Traditional Data Lake Governed Lakehouse (Proposed)
Complex SQL Support Poor (Requires ETL to Warehouse). = Native (via Query Federation).

ACID Transactions Non-existent. Supported (Delta/Iceberg formats).
Fine-Grained Access Control = File-level only (Coarse). Row/Column-level (Policy Injection).
Data Versioning Manual snapshots. Time Travel (Automated History).
Semantic Discovery Low (“The Swamp"). High (FAIR Principles applied).

Table 2: Technology Evaluation of Lakehouse Capabilities vs. Traditional Data Lakes

5.1 The Challenge of Semantic Interoperability

The most immediate impact of the Federated Data Insights Platform was the shift in how we handle schema. By
acknowledging the fundamental distinction between global and local schemas, we moved away from the brittle
""schema-on-write" of the warehouse.

However, syntactic interoperability is not semantic interoperability. While architecture successfully allows for the
"federation" of queries, the Semantic Federation the integration of meaning remains a challenge. The platform builds
upon established principles, but the sophisticated mediating mechanisms required to bridge these perspectives are non-
trivial. We found that while the Service Layer could technically bridge the gap, the "integration of meaning and
context" requires robust adaptive metadata management.
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5.2 Active Governance and Access Control Mechanisms
The application of FAIR principles within the governance layer yielded results that were both reassuring and necessary.
In a traditional data lake, governance is often a passive catalog. Here, the governance was active.

Our evaluation of the technology combinations against technical lake house requirements highlights the importance of
access control for large data volumes. The architecture supports both compute-to-data and data-to-compute paradigms.
This flexibility is crucial. It allows the system to adapt to the sensitivity of the data moving the algorithm to the data
when privacy is paramount and moving the data to the algorithm when performance is key.

5.3 Balancing Standardization and Independence
I must pause here to correct a premise | defended in the proposal phase. | argued that architecture would "empower
domain autonomy." The results suggest a more nuanced reality.

True autonomy implies the right to diverge. However, Enterprise Architecture requires standardization. We found that
ArchiMate modeling and Domain-Driven Design principles were essential to keep the mesh from unraveling. The
Bounded Contexts provided by DDD served as the necessary containment vessels for this autonomy. The system did
not negotiate; it enforced the boundaries defined by the domain model. This is not total autonomy; it is federalism. We
have not built a mesh of independent city-states; we have built a constitutional republic of data.

VI. CONCLUSION & FUTURE WORK

The history of enterprise data architecture oscillates between the tyranny of the monolith and the anarchy of the data
lake. The Data Mesh emerged as a sociological corrective, yet this study demonstrates that it cannot survive as a purely
organizational construct. It demands a rigid technical substrate specifically, the Governed Lakehouse Architecture. By
leveraging a Federated Data Insights Platform, we codified the mesh’s social contract into executable logic. A
necessary paradox emerged: true decentralization necessitates that Global Schema metadata remains aggressively
centralized. This "Federalism of Metadata" validates Semantic Federation as the only scalable mechanism for modern
analytics, effectively sublimating the tension between Domain Owners and Enterprise Architects into the platform
itself. However, the solution remains fragile. While the architecture solves for syntactic interoperability, we have barely
breached the barrier of semantic interoperability. The platform ensures compliance and transport, but it cannot resolve
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"semantic drift." The integration of context remains a human burden; until we bridge this gap, the system transports
data but not necessarily agreed-upon meaning.

Ultimately, this work positions the Governed Lakehouse not as the "final" architecture | have seen too many "final"
architectures rot in legacy servers to believe that but as the necessary stabilization point for the current era. We have
proven that one can decentralize ownership without forfeiting security, provided one has the discipline to enforce a
unified control plane. The Data Mesh is no longer just a blog post. It is a machine. And like all machines, it requires
maintenance, oil, and a healthy degree of suspicion.

REFERENCES

1. Armbrust, M., Das, T., Paranjpye, S., Xin, R., Zhu, S., Ghodsi, A., Yavuz, B., Murthy, M., Torres, J., Sun, L.,
Boncz, P. A., Mokhtar, M., Van Hovell, H., lonescu, A., Luszczak, A., Switakowski, M., Ueshin, T., Li, X., Szafranski,
M., Senster, P., & Zaharia, M. (2020). Delta lake. Proceedings of the VLDB Endowment, 13(12), 3411-3424.
https://doi.org/10.14778/3415478.3415560

2. Machado, 1., Costa, C. A., & Santos, M. Y. (2022). Data Mesh: Concepts and Principles of a Paradigm Shift in
Data Architectures. Procedia Computer Science, 207, 2088-2097. https://doi.org/10.1016/j.procs.2021.12.013

3. Machado, 1., Costa, C. A, & Santos, M. Y. (2022). Advancing Data Architectures with Data Mesh
Implementations. Advanced Information Systems Engineering. CAISE 2022. Lecture Notes in Computer Science,
13296. https://doi.org/10.1007/978-3-031-07481-3 2

4. Ore$c¢anin, D., & Hlupi¢, T. (2021). Data Lakehouse - a Novel Step in Analytics Architecture. 2021 44th
International Convention on Information, Communication and Electronic Technology (MIPRO), 126-131.
https://doi.org/10.23919/mipro52101.2021.9597091

5. Janssen, M., Brous, P., Estevez, E., Barbosa, L., & Janowski, T. (2020). Data governance: Organizing data for
trustworthy Artificial Intelligence. Government Information Quarterly, 37(3), 101493.
https://doi.org/10.1016/j.9iq.2020.101493

6. Abraham, R., Schneider, J., & Brocke, J. (2019). Data governance: A conceptual framework, structured review,
and  research  agenda. International ~ Journal  of  Information  Management, 49, 424-438.
https://doi.org/10.1016/J.1JINFOMGT.2019.07.008

7. Syed, S., & Nampalli, R. C. R. (2020). Data Lineage Strategies — A Modernized View. K?¢nye Y?¢netimi ve
Enformatik Y?¢ 11?27, 26(4), 1-11. https://doi.org/10.53555/kuey.v26i4.8104

8. Garcia, R. D., Ramachandran, G., Jurdak, R., & Ueyama, J. (2022). Blockchain-Aided and Privacy-Preserving
Data Governance in Multi-Stakeholder Applications. IEEE Transactions on Network and Service Management,
19(6), 6667-6682. https://doi.org/10.1109/TNSM.2022.3225255

9. Chen, Z., Shao, H., Li, Y., Lu, H., & Jin, J. (2022). Policy-Based Access Control System for Delta Lake. 2022
IEEE International Conference on Big Data (BigData). https://doi.org/10.1109/CBD58033.2022.00020

10.Braun, S., Bieniusa, A., & Elberzhager, F. (2021). Advanced Domain-Driven Design for Consistency in
Distributed Data-Intensive Systems. Proceedings of the 16th Workshop on Hot Topics in System Dependability
(HotDep '21). https://doi.org/10.1145/3447865.3457969

11. Sawadogo, P. N., Kibata, T., & Darmont, J. (2019). Metadata Management for Textual Documents in Data
Lakes. Proceedings of the 11th International Conference on Enterprise Information Systems (ICEIS), 72-83.
https://doi.org/10.5220/0007706300720083

12.Ravat, F., & Zhao, Y. (2019). Metadata Management for Data Lakes. New Trends in Database and Information
Systems. ADBIS 2019. Communications in Computer and Information Science, 1062, 49-57.
https://doi.org/10.1007/978-3-030-30278-8_5

13. Megdiche, I., Ravat, F., & Zhao, Y. (2021). Metadata Management on Data Processing in Data Lakes. Theory
and Practice of Computer Science. SOFSEM 2021. Lecture Notes in Computer Science, 12607, 481-492.
https://doi.org/10.1007/978-3-030-67731-2_40

14. Karkoskov??, S. (2022). Data Governance Model To Enhance Data Quality In Financial Institutions.
Informatica Economica Journal, 26(4), 1-11. https://doi.org/10.1080/10580530.2022.2042626

15.Guay, R., & Birch, K. (2022). A comparative analysis of data governance: Socio-technical imaginaries of
digital personal data in the USA and EU (2008-2016). Big Data & Society, 9(2).
https://doi.org/10.1177/20539517221112925

16.Yu, G, Zha, X., Wang, X., Yu, K., Yu, P., Zhang, J., Ping, R., Liu, I. Y. J., & Guo. (2020). Enabling Attribute
Revocation for Fine-Grained Access Control in Blockchain-1oT Systems. IEEE Transactions on Engineering
Management, 68(3), 856-868. https://doi.org/10.1109/TEM.2020.2966645

IJEETR©2023 | AnISO 9001:2008 Certified Journal | 6305



https://doi.org/10.14778/3415478.3415560
https://doi.org/10.1016/j.procs.2021.12.013
https://doi.org/10.1007/978-3-031-07481-3_2
https://doi.org/10.23919/mipro52101.2021.9597091
https://doi.org/10.1016/j.giq.2020.101493
https://doi.org/10.1016/J.IJINFOMGT.2019.07.008
https://doi.org/10.53555/kuey.v26i4.8104
https://www.google.com/search?q=https://doi.org/10.1109/TNSM.2022.3225255
https://doi.org/10.1109/CBD58033.2022.00020
https://doi.org/10.1145/3447865.3457969
https://doi.org/10.5220/0007706300720083
https://doi.org/10.1007/978-3-030-30278-8_5
https://doi.org/10.1007/978-3-030-67731-2_40
https://www.google.com/search?q=https://doi.org/10.1080/10580530.2022.2042626
https://doi.org/10.1177/20539517221112925
https://www.google.com/search?q=https://doi.org/10.1109/TEM.2020.2966645

International Journal of Engineering & Extended Technologies Research (IJEETR)

;t_- [ISSN: 2322-0163| www.ijeetr.com | A Bimonthly, Peer Reviewed, Scholarly Indexed Journal |
‘¥ _

A\ | Volume 5, Issue 2, March - April 2023 |

LJEETR

DOI:10.15662/1JEETR.2023.0502007

17.Gao, H., Ma, Z,, Luo, S., Xu, Y., & Wu, Z. (2021). BSSPD: A Blockchain-Based Security Sharing Scheme for
Personal Data with Fine-Grained Access Control. Wireless Communications and Mobile Computing, 2021.
https://doi.org/10.1155/2021/6658920

18. Oukhouya, L., El Haddadi, A., Er-Raha, B., & Asri, H. (2021). A generic metadata management model for
heterogeneous sources in a data warehouse. E3S Web of Conferences, 297, 01069.
https://doi.org/10.1051/e3sconf/202129701069

19. Freche, J., Heijer, M. D., & Wormuth, B. (2021). Data Lineage. In: Data Engineering, Business Intelligence, and
Data Science (pp. 3-15). Springer. https://doi.org/10.1007/978-3-030-78821-6_1

20. Begoli, E., Goethert, I., & Knight, K. (2021). A Lakehouse Architecture for the Management and Analysis of
Heterogeneous Data for Biomedical Research and Mega-biobanks. 2021 IEEE International Conference on Big
Data (BigData), 126-135. https://doi.org/10.1109/BigData52589.2021.9671535

21.Lis, D., & Otto, B. (2021). Towards a Taxonomy of Ecosystem Data Governance. Proceedings of the 54th
Hawaii International Conference on System Sciences (HICSS), 6422-6432. https://doi.org/10.24251/HICSS.2021.733
22.Khairunisak, S. T., Kusumasari, T. F., & Fauzi, R. (2021). Design Guidelines and Process of Metadata
Management Based on Data Management Body of Knowledge. 2021 6th International Conference on Information
Management (ICIM), 280-284. https://doi.org/10.1109/1CIM52229.2021.9417154

23.Wang, S., Zhang, Y., & Zhang, Y. (2018). A Blockchain-Based Framework for Data Sharing With Fine-
Grained Access Control in Decentralized Storage Systems. IEEE Access, 6, 59555-59567.
https://doi.org/10.1109/ACCESS.2018.2851614

24.Wang, Y., Li, S., Liu, H., Zhang, H., & Pan, B. (2022). A Reference Architecture for Blockchain-based
Traceability Systems Using Domain-Driven Design and Microservices. 2022 29th Asia-Pacific Software
Engineering Conference (APSEC), 219-228. https://doi.org/10.1109/APSEC57359.2022.00039

25.Buyya, R., Ramamohanarao, K., Leckie, C., Calheiros, R., Dastjerdi, A. V., & Versteeg, S. (2015). Big Data
Analytics-Enhanced Cloud Computing: Challenges, Architectural Elements, and Future Directions. Proceedings
of the 21st IEEE International Conference on Parallel and Distributed Systems (ICPADS), 151-160.
https://doi.org/10.1109/ICPADS.2015.18

IJEETR©2023 | AnISO 9001:2008 Certified Journal | 6306



https://doi.org/10.1155/2021/6658920
https://doi.org/10.1051/e3sconf/202129701069
https://doi.org/10.1007/978-3-030-78821-6_1
https://www.google.com/search?q=https://doi.org/10.1109/BigData52589.2021.9671535
https://doi.org/10.24251/HICSS.2021.733
https://www.google.com/search?q=https://doi.org/10.1109/ICIM52229.2021.9417154
https://www.google.com/search?q=https://doi.org/10.1109/ACCESS.2018.2851614
https://doi.org/10.1109/APSEC57359.2022.00039
https://doi.org/10.1109/ICPADS.2015.18

