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ABSTRACT: Managing personal finances efficiently has become increasingly important in today’s fast-paced world. 

Traditional expense tracking methods are often limited to recording past transactions and lack the ability to provide 

predictive insights. This paper proposes a Smart Financial Tracker integrated with Artificial Intelligence (AI) 

techniques to enhance financial planning and decision-making. The system collects user expense data, categorizes 

transactions, and applies machine learning algorithms such as Linear Regression to forecast future spending patterns. 

By analyzing historical data, the model generates accurate budget predictions and provides meaningful insights through 

visual representations such as graphs and charts. The proposed system not only improves financial awareness but also 

assists users in maintaining a balanced budget by offering timely alerts and recommendations. Experimental analysis 

indicates that the system provides reliable predictions and supports effective financial management. 

 

KEYWORDS: Expense Tracker, Machine Learning, Budget Prediction, Financial Analytics, Artificial Intelligence, 

Linear Regression. 

 

I. INTRODUCTION 

 

In recent years, managing personal finances has become a significant challenge for individuals due to increasing 

expenses and complex financial responsibilities. Many people rely on traditional methods such as manual record-

keeping or basic mobile applications, which only provide a summary of past expenses without offering any predictive 

capabilities. As a result, users often struggle to plan their budgets effectively and avoid overspending. With the rapid 

advancement of Artificial Intelligence (AI) and Machine Learning (ML), there is an opportunity to develop intelligent 

systems that can analyze financial data and provide future predictions. AI-based systems can identify patterns in 

spending behavior and generate insights that help users make informed decisions. This paper introduces a Smart 

Financial Tracker that integrates expense tracking with AI-based budget prediction. The proposed system aims to 

simplify financial management by providing accurate forecasts, visual analytics, and automated recommendations, 

thereby improving the overall financial stability of users. 

 

II. LITERATURE REVIEW 

 

Several financial management applications and research studies have been developed to address the challenges of 

expense tracking and budgeting. Popular applications such as Mint, YNAB (You Need A Budget), and Pocket Guard 

offer features like expense categorization and financial visualization. However, these systems primarily focus on 

tracking past transactions and lack advanced predictive capabilities. Research studies have explored the use of machine 

learning techniques for financial forecasting, including regression models and classification algorithms. While these 

approaches demonstrate improved accuracy in prediction, many systems fail to integrate these models into user-friendly 

applications. Additionally, existing solutions often lack personalization and real-time analysis, limiting their 

effectiveness. Therefore, there is a need for a comprehensive system that combines expense tracking, predictive 

analytics, and visualization in a single platform. The proposed system addresses these limitations by incorporating AI-

based prediction models into an easy-to-use financial tracking application. 

 

Recent studies have introduced machine learning techniques for financial prediction. Regression models and clustering 

algorithms have been widely used to analyze financial datasets and identify spending patterns. 
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However, many existing systems lack integration between expense tracking and AI-based prediction. Therefore, this 

research proposes a system that combines financial tracking with machine learning algorithms to enhance budgeting 

accuracy and financial awareness 

 

III. PROBLEM STATEMENT 

 

Despite the availability of various financial tracking tools, users continue to face difficulties in managing their finances 

effectively. One of the major challenges is the inability to predict future expenses based on past data. Most existing 

systems only provide historical analysis, which does not help users plan for upcoming financial requirements. 

Additionally, manual tracking methods are time-consuming and prone to errors. Users often lack awareness of their 

spending patterns, leading to poor financial decisions and overspending. Therefore, there is a need for an intelligent 

system that can automatically analyze expenses, predict future spending, and provide actionable insights. The proposed 

Smart Financial Tracker aims to address these challenges by integrating AI-based prediction models with expense 

tracking features. 

 

In addition, the system provides visual reports such as charts and summaries to help users easily understand their 

financial activities. The main goal of the proposed system is to provide intelligent insights that assist users in 

controlling expenses, improving budgeting strategies, and making better financial decisions. 

 

IV. OBJECTIVES 

 

The primary objective of this research is to develop an intelligent financial tracking system that leverages Artificial 

Intelligence to improve budgeting and financial planning. The system aims to record and categorize user expenses 

efficiently while providing accurate predictions of future spending. Another objective is to present financial data 

through interactive visualizations such as pie charts, bar graphs, and line charts, making it easier for users to understand 

their spending patterns. Additionally, the system seeks to enhance decision-making by providing alerts and 

recommendations based on predicted budgets. Overall, the goal is to create a user-friendly and efficient tool that 

promotes better financial management. 

 

V. PROPOSED SYSTEM 

 

The proposed Smart Financial Tracker is designed to provide a comprehensive solution for managing personal finances. 

The system consists of multiple modules, including expense tracking, categorization, prediction, and visualization. 

Users can input their daily expenses, which are automatically categorized into predefined groups such as food, 

transport, and utilities. The system stores this data in a structured database and uses it for further analysis. A machine 

learning model, specifically Linear Regression, is employed to predict future expenses based on historical data. The 

system also generates visual representations of expenses, allowing users to analyze their spending patterns effectively. 

Additionally, the system provides alerts when users exceed their budget limits, helping them maintain financial 

discipline. The integration of AI-based prediction and visualization makes the system more efficient and user-friendly 

compared to traditional methods. 

 

VI. METHODOLOGY 

 

The methodology of the proposed system involves several steps, including data collection, preprocessing, model 

training, prediction, and visualization. Initially, the system collects expense data from users, including details such as 

date, amount, and category. This data is then pre-processed to remove duplicates, handle missing values, and convert it 

into a structured format suitable for analysis. After preprocessing, the data is used to train a machine learning model, 

specifically Linear Regression, which identifies patterns in spending behavior. The trained model is then used to predict 

future expenses based on historical data. Finally, the results are presented to users through visualizations such as graphs 

and charts. This step-by-step approach ensures accurate predictions and effective financial analysis. 

 

Data Collection 

The first step in the methodology is data collection. In this stage, users enter their financial information such as income 

details, daily expenses, and expense categories through the system interface. The financial data may include the 

amount, date, category, and description of each transaction. This information is stored in a database for further 

processing and analysis. Proper data collection ensures that the system has sufficient historical data to analyze spending 

patterns and predict future budgets. 
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Data Preprocessing 

After collecting the financial data, the next step is data preprocessing. In this stage, the collected data is organized and 

prepared for analysis. The system removes duplicate records, handles missing values, and categorizes expenses into 

different groups such as food, transportation, shopping, entertainment, and bills. Data preprocessing improves the 

quality of the dataset and ensures that the machine learning algorithms can process the data effectively. 

 

Feature Analysis 

In this stage, the system identifies important features from the financial dataset that influence budget prediction. 

Features such as monthly income, total expenses, expense categories, and spending frequency are analyzed. These 

features help the system understand the user’s financial behavior and spending patterns. Proper feature analysis helps 

improve the accuracy of machine learning models. 

 

Machine Learning Analysis 

The system applies machine learning algorithms to analyze the processed financial data and generate predictions. 

Linear Regression Algorithm is used to predict future expenses or budget requirements based on historical financial 

records. This algorithm identifies the relationship between past spending patterns and future financial needs. 

K-Means Clustering Algorithm is used to group similar expense categories and analyze spending behavior. By 

clustering expenses into different groups, the system can identify which categories consume the largest portion of the 

user’s budget. 

These algorithms help the system generate meaningful insights that support financial planning. 

 

Budget Prediction 

After analyzing the financial data using machine learning algorithms, the system generates budget predictions for future 

periods such as weekly or monthly budgets. The predicted values help users understand their expected expenses and 

plan their spending accordingly. This stage provides intelligent recommendations that improve financial decision-

making. 

 

Data Visualization and Reporting 

The final stage of the methodology involves data visualization and reporting. The analyzed data and predicted results 

are presented to users through charts, graphs, and financial summaries. Visual representations such as expense 

distribution charts, monthly expense trends, and predicted budget graphs help users easily understand their financial 

status. These reports allow users to monitor their spending habits and make better budgeting decisions. 

 

System Evaluation 

The performance of the system is evaluated by testing it with different financial datasets. The results are analyzed to 

verify the accuracy of budget predictions and the effectiveness of the machine learning algorithms. This evaluation 

ensures that the system provides reliable financial insights. 

 

VII. SYSTEM ARCHITECTURE 

 
 

Fig : 1 
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The system architecture of the Smart Financial Tracker consists of several interconnected components that work 

together to process data and generate predictions. The process begins with the user interacting with the system through 

a user interface, where they input their expense details. This data is then stored in a database for further processing. The 

machine learning model accesses the stored data and analyzes it to identify patterns and trends. Based on this analysis, 

the model generates predictions of future expenses, which are then displayed to the user. The architecture ensures 

smooth data flow and efficient processing, making the system reliable and scalable. Each component plays a crucial 

role in ensuring the accuracy and performance of the system. 

 

VIII.USE CASE DESCRIPTION 

 

 
 

Fig: 2 

 

The use case of the system revolves around the interaction between the user and the application. The user can perform 

various actions such as adding expenses, viewing reports, and predicting budgets. When a user adds an expense, the 

system records the data and updates the database. The user can then view reports that provide insights into their 

spending patterns. Additionally, the system allows users to predict their future budgets based on historical data. These 

functionalities make the system interactive and user-friendly, ensuring a seamless experience for users. 

 

IX. ACTIVITY DESCRIPTION 

 

The activity flow of the system begins with the user logging into the application. Once logged in, the user enters their 

expense details, which are then stored in the database. The system processes this data and analyzes it using the machine 

learning model. Based on the analysis, the system predicts future expenses and displays the results to the user. The 

process ends with the user reviewing the predictions and making informed financial decisions. This workflow ensures 

efficient data processing and accurate predictions. 
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Fig: 3 

 

X. ER DESCRIPTION 

 
Fig: 4 

 

The Entity-Relationship (ER) model of the system defines the relationships between different entities such as User, 

Expense, Category, and Prediction. The User entity represents the individual using the system, while the Expense entity 

stores details of each transaction. The Category entity classifies expenses into different groups, and the Prediction entity 

stores the predicted values generated by the model. These entities are interconnected, allowing the system to organize 

and manage data effectively. The ER model ensures data consistency and supports efficient data retrieval. 
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XI. IMPLEMENTATION 

 

The implementation of the Smart Financial Tracker is carried out using Python and various data science libraries such 

as Pandas, NumPy, and Matplotlib. Pandas is used for data manipulation and analysis, while NumPy is used for 

numerical computations. Matplotlib is used to generate visualizations such as graphs and charts. The machine learning 

model is implemented using Linear Regression, which is trained on historical expense data. The system is designed to 

be user-friendly and efficient, ensuring accurate predictions and smooth performance. 

 

 

 

 
 

 

Fig: 5 

 

XII. RESULTS AND DISCUSSION 

 

The results of the proposed system demonstrate its effectiveness in predicting future expenses and improving financial 

management. The system generates various visualizations, including pie charts for expense distribution, bar graphs for 

monthly expenses, and line graphs for prediction trends. These visualizations help users understand their spending 

patterns and make informed decisions. The prediction model shows a high level of accuracy, indicating the 

effectiveness of the machine learning approach. The system also provides insights into areas where users can reduce 

expenses, promoting better financial discipline. Overall, the results validate the efficiency and usefulness of the 

proposed system. 

 
Fig: 6 
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Fig :7 

 

 
 

Fig:8 

 

XIII.ADVANTAGES 

 

 The Smart Financial Tracker offers several advantages, including accurate prediction. of future expenses, easy-to-

use interface, and automated analysis of financial data. 

 The system helps users improve their financial planning and avoid overspending. 

 Enables data visualization (charts, graphs) for better understanding of expenses. 

 Scalable system that can handle large volumes of financial data. 

 Helps in detecting unusual spending patterns or anomalies. 

 Can be integrated with banking APIs for real-time transaction updates. 

 

XIV. LIMITATIONS 
 

The accuracy of predictions depends on the quality and quantity of input data. Additionally, the use of simple machine 

learning models may limit the system’s ability to handle complex financial scenarios. These limitations can be 

addressed in future enhancements. 

 

The accuracy of predictions largely depends on the quality and quantity of input data, making it less reliable when 

historical data is insufficient or inconsistent. Privacy and security concerns also arise, as the system handles sensitive 

financial information, requiring robust protection mechanisms. Furthermore, the system may not perform well in cases 

of irregular or unpredictable income patterns, limiting its effectiveness for certain users.  

 

Dependence on internet connectivity for real-time features can also hinder usability in low-network environments. 

There is also a possibility of bias in machine learning models if the training data is not properly managed. Some users 

may be hesitant to trust automated financial recommendations, and the system may struggle to accurately categorize 

ambiguous or uncommon transactions. 
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XV. FUTURE WORK 

 

Future improvements to the system include the development of a mobile application for better accessibility and the 

integration of real-time banking APIs for automatic data collection. Advanced machine learning models such as deep 

learning can also be incorporated to improve prediction accuracy. These enhancements will further improve the 

functionality and effectiveness of the system. 

 

The system can be connected directly with banking and payment platforms for real-time data updates, making expense 

tracking more seamless and efficient. Additional features like voice-based interaction, multilingual support, and mobile 

application development can improve user accessibility and experience. The inclusion of fraud detection and alert 

systems can further enhance security. Moreover, the system can be expanded to support investment tracking and 

financial planning, helping users manage not only their expenses but also their overall financial growth. 

 

 Integration with banking APIs 

 Mobile application development 

 Personalized financial recommendations 

 Improved security mechanisms 

 

XVI. CONCLUSION 

 

In conclusion, the Smart Financial Tracker with AI-Based Budget Prediction provides an effective solution for 

managing personal finances. By combining expense tracking with machine learning-based prediction, the system 

enables users to forecast future expenses and plan their budgets efficiently. The use of visual analytics enhances user 

understanding and supports better decision-making. The system demonstrates the potential of AI in financial 

management and provides a foundation for future research and development in this area. 

 

The results show that AI-based financial tools can significantly improve budgeting efficiency and financial awareness. 

Future developments can enhance the system by incorporating advanced AI models and automated financial data 

collection. 

 

REFERENCES 

 

1. Han, J., Kamber, M., & Pei, J. Data Mining: Concepts and Techniques. Morgan Kaufmann. 

2. Mitchell, T. Machine Learning. McGraw-Hill. 

3. Russell, S., & Norvig, P. Artificial Intelligence: A Modern Approach. Pearson. 

4. Witten, I., Frank, E., & Hall, M. Data Mining: Practical Machine Learning Tools and Techniques. Elsevier. 

5. McKinney, W. (2017). Python for Data Analysis. O’Reilly Media. 

6. C.Nagarajan and M.Madheswaran - ‘Stability Analysis of Series Parallel Resonant Converter with Fuzzy Logic 

Controller Using State Space Techniques’- Taylor &Francis, Electric Power Components and Systems, Vol.39 (8), 

pp.780-793, May 2011. DOI: 10.1080/15325008.2010.541746 

7. C.Nagarajan and M.Madheswaran - ‘Experimental verification and stability state space analysis of CLL-T Series 

Parallel Resonant Converter’ - Journal of Electrical Engineering, Vol.63 (6), pp.365-372, Dec.2012. DOI: 

10.2478/v10187-012-0054-2 

8. C.Nagarajan and M.Madheswaran - ‘Performance Analysis of LCL-T Resonant Converter with Fuzzy/PID Using 

State Space Analysis’- Springer, Electrical Engineering, Vol.93 (3), pp.167-178, September 2011. DOI 10.1007/s00202-

011-0203-9 

9. S.Tamilselvi,  R.Prakash, C.Nagarajan,“Solar System Integrated Smart Grid Utilizing Hybrid Coot-Genetic 

Algorithm Optimized ANN Controller” Iranian Journal Of Science And Technology-Transactions Of Electrical 

Engineering, DOI10.1007/s40998-025-00917-z,2025 

10. S.Tamilselvi,  R.Prakash, C.Nagarajan,“ Adaptive sliding mode control of multilevel grid-connected inverters using 

reinforcement learning for enhanced LVRT performance” Electric Power Systems Research 253 (2026) 112428, 

doi.org/10.1016/j.epsr.2025.112428 

11. S.Thirunavukkarasu, C. Nagarajan, 2024, “Performance Investigation on OCF and SCF study in BLDC machine 

using FTANN Controller," Journal of Electrical Engineering And Technology, Volume 20, pages 2675–2688, (2025), 

doi.org/10.1007/s42835-024-02126-w 



International Journal of Engineering & Extended Technologies Research (IJEETR) 

                      |ISSN: 2322-0163| www.ijeetr.com | A Bimonthly, Peer Reviewed, Scholarly Indexed Journal |     

| Volume 8, Issue 2, March - April 2026 | 

DOI:10.15662/IJEETR.2026.0802382 

IJEETR©2026                                                             |     An ISO 9001:2008 Certified Journal   |                                               3774 

 

12. C. Nagarajan, M.Madheswaran and D.Ramasubramanian- ‘Development of DSP based Robust Control Method for 

General Resonant Converter Topologies using Transfer Function Model’- Acta Electrotechnica et Informatica Journal , 

Vol.13 (2), pp.18-31,April-June.2013, DOI: 10.2478/aeei-2013-0025.  

13. C.Nagarajan and M.Madheswaran - ‘DSP Based Fuzzy Controller for Series Parallel Resonant converter’- Springer, 

Frontiers of Electrical and Electronic Engineering, Vol. 7(4), pp. 438-446, Dec.12. DOI 10.1007/s11460-012-0212-0. 

14. C.Nagarajan and M.Madheswaran - ‘Experimental Study and steady state stability analysis of CLL-T Series Parallel 

Resonant Converter with Fuzzy controller using State Space Analysis’- Iranian Journal of Electrical & Electronic 

Engineering, Vol.8 (3), pp.259-267, September 2012.  

15. C.Nagarajan and M.Madheswaran, “Analysis and Simulation of LCL Series Resonant Full Bridge Converter Using 

PWM Technique with Load Independent Operation” has been presented in ICTES’08, a IEEE / IET International 

Conference organized by M.G.R.University, Chennai.Vol.no.1, pp.190-195, Dec.2007 

16. Suganthi Mullainathan, Ramesh Natarajan, “An SPSS and CNN modelling based quality assessment using ceramic 

materials and membrane filtration techniques”, Revista Materia  (Rio J.) Vol. 30, 2025, DOI: 

https://doi.org/10.1590/1517-7076-RMAT-2024-0721 

17. M Suganthi, N Ramesh, “Treatment of water using natural zeolite as membrane filter”, Journal of Environmental 

Protection and Ecology, Volume 23, Issue 2, pp: 520-530,2022 

18. Pedregosa, F., et al. (2011). Scikit-learn: Machine Learning in Python. Journal of Machine Learning Research. 

19. Hunter, J. D. (2007). Matplotlib: A 2D Graphics Environment. Computing in Science & Engineering. 

20. Gopinathan, V. R. (2024). Real-Time Fault-Tolerant Multi-Cloud Database Architectures for High Availability 

Applications. International Journal of Future Innovative Science and Technology (IJFIST), 7(4), 13148. 

21. Chandra, S., Rengarajan, A., Sahoo, G. S., & Sharma, S. (2023, December). Identifying Neuronal Damage and 

Plasticity by Analyzing Changes in Diffusion Tensor Imaging. In International Conference on Data Science, Machine 

Learning and Applications (pp. 433-438). Singapore: Springer Nature Singapore. 

22. Sugumar, R. (2025). Federated AI in Offline-First Mobile Health Architectures for Privacy-Preserving Clinical 

Intelligence. International Journal of Science, Research and Technology, 8(4), 14589-14600. 

23. Murugeshwari, B., Rajalakshmi, S., & Sudharson, K. (2023). Hybrid Approach for Privacy Enhancement in Data 

Mining Using Arbitrariness and Perturbation. Computer Systems Science & Engineering, 44(3). 

24. Pandey, V. K., Mishra, S., Rengarajan, A., Savita, & Roomi, M. M. (2024, March). Enhancing Weather Forecasting 

with Machine Learning Techniques. In International Conference on Renewable Power (pp. 147-156). Singapore: 

Springer Nature Singapore. 

25. Soundappan, S. J. (2025). Next Generation AI Enabled Holistic Cognitive Platform for Secure Cloud Network 

Intelligence Enterprise Systems and Digital Trust Optimization. International Journal of Computer Technology and 

Electronics Communication, 8(5), 11534-11542. 

26. Mathew, A. (2022). Leveraging Big Data Analytics to Power AI and ML (Machine Learning) Automation. 

Educational Research (IJMCER), 4(5), 131-134. 

27. Sugumar, R. (2024). AI-Augmented Quality Engineering for Performance Optimization and Test Orchestration in 

Distributed Systems. International Journal of Science, Research and Technology, 7(5), 12835-12846. 

28. Akila, R. (2024). A deep reinforcement learning approach for optimizing inventory management in the agri-food 

supply chain. J. Electrical Systems, 20(4s), 2238-2247. 

29. Mahendran, M., Anbazhagan, K., Pavithran, G., Nivas, A., & Pandey, S. D. (2022). Earthquake Damage Prediction 

using Machine Learning. Grenze International Journal of Engineering & Technology (GIJET), 8(1). 

30. Gopinathan, V. R. (2025). Enterprise AI Frameworks for Financial Data Engineering Behavioural Analytics and 

Intelligent Cloud Solutions. International Journal of Research Publications in Engineering, Technology and 

Management (IJRPETM), 8(4), 12499-12506. 

31. Kondalsamy, P., & Kaliappan, K. (2025). An Optimal Prediction of Leaf Disease Based on Hybrid Deep Learnings 

and Metaheuristic Technique. Traitement du Signal, 42(1), 363. 

32. Deivendran, P., Babu, P. S., Malathi, G., Anbazhagan, K., & Kumar, R. S. (2023). Emotion Recognition for 

Challenged People Facial Appearance in Social using Neural Network. arXiv preprint arXiv:2305.06842. 

33. Sugumar, R. (2025). Unified AI Framework for Predictive Data Engineering and Real Time Prescription and 

Billing Systems. International Journal of Advanced Engineering Science and Information Technology (IJAESIT), 8(5), 

17261. 

34. Vekariya, V., Kumar, S., & Rengarajan, A. (2024). A distinctive and smart agricultural knowledge-based 

framework using ontology. In Sustainability in Digital Transformation Era: Driving Innovative & Growth (pp. 207-

213). CRC Press. 

35. Gopinathan, V. R. (2025). Software engineering practices for AI-driven systems: From development to deployment 

(MLOps perspective). International Journal of Science, Research and Technology, 8(1), 13493-13500. 



International Journal of Engineering & Extended Technologies Research (IJEETR) 

                      |ISSN: 2322-0163| www.ijeetr.com | A Bimonthly, Peer Reviewed, Scholarly Indexed Journal |     

| Volume 8, Issue 2, March - April 2026 | 

DOI:10.15662/IJEETR.2026.0802382 

IJEETR©2026                                                             |     An ISO 9001:2008 Certified Journal   |                                               3775 

 

36. Mathew, A. R. (2022). Threats and protection on E-sim: a prospective study. Novel Perspectives of Engineering 

Research, 8, 76-81. 

37. Naveena, S., & Kavitha, K. (2025). Gossypium herbaceum: Folium disease identification and classification using 

Efficient Net-Coordinate Convolutional Neural Network (EcoNet). Engineering Applications of Artificial Intelligence, 

152, 110701. 

38. Rengarajan, A., Mishra, A., Kulhar, K. S., Shrivastava, V. P., & Alawneh, Y. J. J. (2024, March). Role of Deep 

Reinforcement Learning in Mitigating Cyber Security Issues: A Review. In International Conference on Renewable 

Power (pp. 37-48). Singapore: Springer Nature Singapore. 

39. Achari, A. P. S. K., & Sugumar, R. (2024, November). Performance analysis and determination of accuracy using 

machine learning techniques for naive bayes and random forest. In AIP Conference Proceedings (Vol. 3193, No. 1, p. 

020199). AIP Publishing LLC. 

40. Mathew, A., & Alex, H. (2022). Detect & protect-medical device cybersecurity. Curr. Overview Sci. Technol. Res, 

1, 60-68. 

41. Sammy, F., Chettier, T., Boyina, V., Shingne, H., Saluja, K., Mali, M., ... & Shobana, A. (2025). Deep Learning-

Driven Visual Analytics Framework for Next-Generation Environmental Monitoring. Journal of Applied Science and 

Technology Trends, 114-122. 

42. Anbazhagan, K. (2024). Trustworthy and Adaptive AI Systems for Enterprise Analytics Cybersecurity and Decision 

Optimization Using API-First and Cloud-Native Architectures. International Journal of Technology, Management and 

Humanities, 10(03), 65-74. 

43. Mathew, A. (2021). Deep reinforcement learning for cybersecurity applications. Int J Comput Sci Mob Compu, 

10(12), 32-38. 

44. Dhinakaran, D. (2022). Joe Prathap P. M, Selvaraj D, Arul Kumar D and Murugeshwari B," Mining Privacy-

Preserving Association Rules based on Parallel Processing in Cloud Computing,". International Journal of Engineering 

Trends and Technology, 70(3), 284-294. 

45. Karthika, K., Anusha, K., Kavitha, K., Harshadha, R., Dharshini, D. S., & Sundhar, N. A. (2025, April). Frequency 

Reconfigurable Antenna using Advanced Materials: A Study. In 2025 3rd International Conference on Advancements 

in Electrical, Electronics, Communication, Computing and Automation (ICAECA) (pp. 1-6). IEEE. 

46. Thavamani, C., & Rengarajan, A. (2024). Clustering related behaviour of users by the use of partitioning and 

parallel transaction reduction algorithm. International Journal of Advanced Intelligence Paradigms, 29(2-3), 122-132. 

47. Sugumar, R. (2025). Unified AI Framework for Predictive Data Engineering and Real Time Prescription and 

Billing Systems. International Journal of Advanced Engineering Science and Information Technology (IJAESIT), 8(5), 

17261. 

48. Soundappan, S. J., & Sugumar, R. (2016). Optimal knowledge extraction technique based on hybridisation of 

improved artificial bee colony algorithm and cuckoo search algorithm. International Journal of Business Intelligence 

and Data Mining, 11(4), 338-356. 

49. SakthiPreetha, A., Kavitha, K., Karthika, K., & Manohari, R. G. (2025, April). A Novel Metasurface-Embedded 

Antenna for WBAN Communications. In 2025 3rd International Conference on Advancements in Electrical, 

Electronics, Communication, Computing and Automation (ICAECA) (pp. 1-4). IEEE. 

50. Murugeshwari, B., Selvaraj, D., Sudharson, K., & Radhika, S. (2023). Data Mining with Privacy Protection Using 

Precise Elliptical Curve Cryptography. Intelligent Automation & Soft Computing, 35(1). 

51. Gopinathan, V. R. (2025). Software engineering practices for AI-driven systems: From development to deployment 

(MLOps perspective). International Journal of Science, Research and Technology, 8(1), 13493-13500. 

52. Anbazhagan, K., Kumar, R., Thilagavathy, R., & Anuradha, D. (2024, March). Shortest Job First with Gateway-

based Resource Management Strategy for Fog Enabled Cloud Computing. In 2024 4th International Conference on 

Data Engineering and Communication Systems (ICDECS) (pp. 1-6). IEEE. 

53. Kannadhasan, S., Vasuki, S., Kavitha, K., Karthikeyan, P., & Usha, S. G. A. (Eds.). (2025, April). Preface: Role of 

Artificial Intelligence and IoT in Engineering, Technology & Science [ICRAETS 2024]. In AIP Conference 

Proceedings (Vol. 3258, No. 1, p. 010001). AIP Publishing LLC. 

54. Dhinakaran, D., Prathap, P. J., Selvaraj, D., Kumar, D. A., & Murugeshwari, B. (2022). Mining privacy-preserving 

association rules based on parallel processing in cloud computing. International Journal of Engineering Trends and 

Technology, 70(3), 284-294. 


